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ABSTRACT

The fast adoption of generative artificial intelligence (GAI) in higher education has led to the realization of
the necessity to study the responses of educators as a professional group, although there is limited
empirical research, especially in a new educational setting such as Azerbaijan. This pilot study is a
quantitative investigation of the attitudes of Azerbaijani university teachers related to GAI, their
adaptations in pedagogy, and the perceived difficulties and support requirements. The information was
gathered through an online poll (n=30) in a university with a high level of research. Findings indicate that
teachers are aware of the opportunities of GAI to personalize learning and administrative efficiency yet
were rated moderately on Al literacy (Mean=3.42) and willingness to apply (Mean=3.21). Some of the key
issues were academic integrity, the validity of assessment, and Al-assisted plagiarism. The exploratory
analysis revealed that there was a good positive correlation between Al literacy and the perceived
usefulness (r=0.759), where active adopters redesigned assessments and adopted process-oriented
approaches. However, the conceptualization of institutional support was perceived to be inconsistent
(Mean=3.04, SD=1.1). The results show that successful GAI implementation must involve contextualized
professional growth and straightforward institutional policies that can resolve ethical and pedagogical
issues. Although constrained by sample size, this research has given the first signs of the importance of
educator-based support to facilitate responsible Al integration into the modernization of higher education.
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Artificial Intelligence (AI) has expanded rapidly across various sectors, including education and industry
(Aithal & Maiya, 2023). Although some previous Al systems demonstrated the ability to support digital
infrastructure, generative Al (GAI) marks a qualitative change in the level of technological competence and the
interaction between a person and a machine (Pandey, 2024). This rapid rise of ChatGPT significantly accelerated
global interest in generative Al, attracting millions of users within a short period (Kooli, 2023).

Later, applications like DALL-E, Midjourney, Microsoft Copilot and Google Gemini became users of GAI,
allowing people to produce text, images, code, videos and simulations (Rozputnia et al., 2025). These functions
make GAI a disruptive agent in the educational sector, as it could revolutionize the way knowledge is produced,
learned, and academic labour (Lang et al., 2025). But concerns such as accuracy, bias, ethical implications, and
hallucinated outputs remain significant challenges (Taimur, 2024). Teachers will thus be compelled to juggle the
competing interests of innovation, ethics, and institutional demands in a fast-changing digital environment
(Blankendaal et al., 2020).

GAI also pushes the limits of conventional beliefs regarding learning in higher education by undertaking
activities that have historically been linked to human cognition (Jin et al., 2025). It has been shown that Al
models such as ChatGPT may provide high-quality answers in any field, which brings up questions of assessment
validity, academic integrity, and skills development (Sallam, 2023). With all the advantages, like a personalized
learning experience, quick feedback, and increased creativity, integration is not simple. Schools all over the globe
are changing their assessment framework, revising academic policies, and creating guidelines to assist pedagogical
adjusting (Alam, 2022).

These are the world pressures experienced in Azerbaijan. Universities not only play a role as producers of
knowledge but also as keepers of cultural identity and social values (Nuti et al., 2025). Despite the growth of
digital transformation efforts, implementation of GAI is still not even (Pyra, 2021). The policies are frequently
not well-developed at the institutional level, and the level of educator digital literacy differs, and purposeful
professional growth is also constrained (Bjerg, 2024). With the alignment of universities with national
modernization and internationalization objectives, the perception of educators takes on an important role in
determining how the GAI will be adopted in curricula, assessment, and classroom practice (Li, 2024).

Mandate of educator inquiry

The literature on the use of Al in education focuses on student use, ethical concerns, and technical
performance to a large extent, with little mention on the experiences of educators and their adaptation to
pedagogy (Mouta et al., 2025). This is especially apparent in Azerbaijan, where empirical research on GALI is
lacking yet increasingly institutional attention (Jamalova, 2025). To make sure that Al integration improves,
rather than diminishes, the quality of teaching, its authenticity, and equity, it is important to understand the
thoughts of educators. In this regard, the discussed pilot study examines the perception of higher education
educators in Azerbaijan about GAI and its implications on their practice (Shakib et al., 2024). Being an
investigative project, it seeks to establish new trends and shape the new studies in this underresearched field.

Importance of research

GAI presents higher education system opportunities and disruption such as academic integrity issues,
assessment redesign, digital literacy, and pedagogical integration (Adamakis & Rachiotis, 2025). Teachers are the
key actors in the process of decoding institutional policies, creating learning spaces, and upholding academic
standards, and their views are essential to responsible use of Al (Omar, 2025).

This pilot study gives an initial understanding, on which policy making, professional education, and Al-based
pedagogical models adapted in the Azerbaijani context can be based. It is exploratory but adds empirical data to
the existing discussions of the necessity to improve the quality, authenticity, and equity of GAI (Arinushkina,
2024), as well as provides insights into a poorly represented educational environment.

Research gap

Although the GAI is widely used by students and its use raises more and more issues of concern, there is a
paucity of empirical research that investigates the perceptions of teachers and their impact on pedagogical
practice, especially in Azerbaijan (Tran et al., 2025). The current body of literature lacks information on how
educators assess the opportunities and dangers of GAI, how these views influence assessment and pedagogy,
ethical and accuracy management, and how these institutions can facilitate adaptation. The pilot study fills these
gaps by using an exploratory quantitative study that can create first evidence and define variables to study more
thoroughly.
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Research questions

This paper examines the attitudes of educators towards the adoption of generative artificial intelligence (Al)
in higher education. Among the key questions are: how educators see the application of generative Al in
pedagogy and learning; what teaching methods or accommodations they make when applying Al to teaching;
what issues, concerns, or opportunities they have when using Al in teaching; and what institutional resources or
activities they consider important in supporting the effective and responsible application of Al.

Study objectives

The purpose of the investigation is to explore teachers' perceptions of generative Al and its uses in
Azerbaijani higher education via a pilot study. It examines instructional practices and modifications implemented
in response to Al, addresses issues about academic integrity, accuracy, ethical implications, and student
dependence on Al, and develops early, evidence-based policies to help institutional policies and support systems
adopt Al in higher education.

LITERATURE REVIEW
Artificial Intelligence and Higher Education

Generative artificial intelligence (GAI) has rapidly emerged and has fundamentally changed the academic
conversation about digital transformation in higher education. In January 2022, when OpenAl publicly launched
ChatGPT, it catalyzed the awareness of Al as an educational tool around the world. Since that point, educational
institutions all over the world have been investigating the role of generative Al in spurring educational
innovation while addressing the risks involved (Aliyev & Aliyeva, 2024).

In transitional regimes such as Azerbaijan, digital transformation has already been gaining momentum amid
COVID-19, with an emphasis on modernisation of infrastructure, increased online education, and international
conformity. In this agenda, Al has come to play a tactical role in institutional modernisation and competitiveness
(Yener et al., 2023; Chaimongkol & Rattanakantadilok, 2026).

Artificial intelligence institutionalization

Colleges are starting to embrace Al to enhance educational and management processes. It is noted that Al-
informed systems have the potential to aid adaptive and personalised learning, and the usage of intelligent
tutoring systems, automated feedback systems, and social robotics is capable of developing more interactive
learning experiences (Lampropoulos, Papadakis, 2025). Research also indicates that academic establishments can
use Al-powered solutions to adapt to the ever-changing needs of the labour market, including by supporting the
acquisition of skills (Thelma et al., 2024; Katz, 2020).

Reform in higher education in Azerbaijan has been actively made European Higher Education Area-oriented
(EHEA), and policies on digital transformation promote technologies to enhance access, efficiency, and quality
(Sahin, 2024). Nevertheless, the level of Al implementation in Azerbaijani institutions is not evenly distributed as
compared to more state-of-the-art systems, and institutional readiness and systematization are still in progress.

Attitudes of faculty members toward generative Al

Regardless of that promise, studies continue to show divided faculty views on generative Al. Teachers often
say that they are confused about the implications of pedagogy, worry that their training is insufficient, have more
work than they want, and question whether it can be executed effectively (Mehdaoui, 2024; Tariq, 2024). Within
a new educational context, where digital literacy differs significantly among faculty, the lack of professional
development also adversely affects teacher confidence in Al-assisted teaching (Bouzaher, 2025).

Ethical issues are no less deep. The issue of academic dishonesty has become a primary concern, and
researchers are concerned about whether learners can become excessively dependent on Al and whether it
affects the importance of the learning process (Al-Amri, N. A., & Al-Abdullatif, A. M. (2024). The issues of Al-
related assessment have also escalated, and researchers are concerned with the reliability of grading, algorithmic
bias, and ethical considerations of automated assessment (Zacharis & Papadakis, 2025; Acar et al.,, 2025). Taken
together, these results highlight that the effective implementation of Al requires not only available technology
but also the views of educators, support at the institutional level, and ethical management.
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Inequality and situational competency

Differences in adoption by educator demographics are well established throughout the world. Uptake is
influenced by gender, professional experience, and digital confidence, and a small amount of research suggests
that female teachers might describe their self-efficacy as lower with new technologies (Alwaqdani, 2025). Little
information on these trends exists in empirical studies in Azerbaijan.

Adoption is further complicated by language and culture. The majority of Al applications are trained on
English-language data, thus impairing the quality of the results in a multilingual space. As Azerbaijani universities
run in Azerbaijani, Russian, and English, these language differences may have a direct impact on the credibility of
Al-generated material (Mohamed, 2026). The argument of these contextual realities suggests that it is not
possible to apply globally generalised assumptions to local educational contexts.

Pedagogical opportunities

Regardless of the challenges, there is an increasing body of literature that reveals significant opportunities.
ChatGPT-like bots have also proven helpful in creative problem-solving, content generation, and facilitating
more interactive teaching methods. In STEM fields specifically, generative Al has been demonstrated to assist
educators with the creation of new teaching strategies and enhancing student engagement (Ugras et al., 2024).
The ability of Al to personalise learning and assist instructors in customising the learning content to the needs of
various students is mentioned in other studies (Adeleye et al., 2024; Rajagopal et al., 2024; Rahimov & Karimova,
2025; Gjini & Hernandez-Gantes, 2025). These opportunities are in line with the wider educational reform
objectives of inclusive, flexible learning (Larguet, 2025) in Azerbaijan, but their actualisation is contingent on the
willingness of educators and decent institutional frameworks.

Azerbaijan's reform context

Higher education in Azerbaijan actively modernises, being increasingly digitalised and secking to increase
partnerships abroad. Universities are implementing online systems, enhancing digital infrastructure, and testing
new learning technology (Yener et al., 2023). However, generative Al puts pressure on infrastructure as well as
demands. Educators need to acquire advanced digital skills, and the policies of institutes in Al are still in an early
stage, and official training courses are few (Bjerg, 2024). Practically, generative Al has a high likelihood of
success because it is being tapped and explored by many university instructors alone.

Theoretical framework

The present research is based on the Technology Acceptance Model (TAM) and Unified Theory of
Acceptance and Use of Technology (UTAUT) to learn the ways faculty use to evaluate and use generative Al
(Hewavitharana et al., 2021). TAM foregrounds that usefulness and perceived ease of use are the major
technology acceptance drivers. UTAUT goes a step further to include social influence and facilitate conditions,
L.e., institutional peer support of Al use and the availability of sufficient resources and training (Haroud & Saqri,
2025). These theories are complemented by the Activity Theory, placing teaching as a multi-layered, intricate
process with a range of relationships among the educators, students, the policies of the institution, technology,
and societal needs (Nazim & Alzubi, 2025). Generative Al, in this light, is a mediating artefact that can change
the practice of instruction, assessment design, and professional identity.

The combination of these views informs the conceptual model used in the study to place the educator
attitudes in relation to generative Al within three mutually dependent dimensions: pedagogical adaptation,
professional and ethical considerations, and institutional support. Digital literacy, disciplinary background, and
previous experience with technology influence how faculty members view the advantages and dangers of Al
(Mohammed, 2025), subsequently affecting key decisions regarding redesigning assessments, monitoring the use
of Al with students, and integrating technology. These decisions are mediated by worries about academic
integrity, data privacy, algorithm bias, and over-reliance by the student (Ahmed, 2024), and supported by
structural conditions of responsible adoption by institutional policies and professional development programmes
(O'dea, & O'Dea, 2023).
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Figure 1
Conceptnal model illustrates the relationships between Al literacy, perceived usefulness, perceived risk, institutional support, and
Sfaculty willingness to adopt generative Al in higher education.
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METHODS AND MATERIALS

Study design and approach

This paper examines an exploratory pilot study to analyze the perception, practice, and intent of educators
when it comes to the adoption of generative artificial intelligence (GAI) within higher education. Since the
integration of GAI was in its initial phases in Azerbaijan universities and there were no empirical benchmarks,
the pilot approach was favorable to produce first insights and measure its appropriateness. The design
experimentally evaluated the main psychological and institutional constructs, such as Al literacy, perceived
usefulness, perceived risk, willingness to adopt, assessment change intentions, and perceived institutional
support. The data were gathered at one stage through an online survey conducted in one of the large research-
based institutions in Azerbaijan. Being initial research, the research focuses on defining new patterns and
relationships to guide future extensive studies and formulating new hypotheses as opposed to testing them.

Pilot study justification of sample size

Pilot studies in social and educational research are normally characterized by small samples that are used to
determine viability, narrow instruments, and preliminary findings, but not generalizability. According to
methodological guidelines, 2040 participants will be an enough sample to test the clarity of the surveys, the
variability of the responses, and possible relationships between the variables. In this connection, it was found
that a sample of 30 teachers in the university was sufficient. The results are therefore preliminary and lay the
groundwork for further, more intensive studies on GAI integration in higher education.

Measurement and survey instrument

The structured online questionnaire that was created in Qualtrics was used to collect data. In this instrument,
there were 7 demographic items and 20 closed-ended questions that assessed six constructs, namely Al literacy,
perceived usefulness, perceived risk, willingness to use GAI tools, assessment change intentions, and perceived
institutional support. The constructs were all measured with 5-point Likert scales (1 = strongly disagree to 5 =
strongly agree), and the previous Al use was measured with binary (yes/no) items. The questionnaire was based
on and modified from technology acceptance scales, which were proven to be valid and adapted to the GAI
situation. The reviews of the items were carried out in terms of clarity, relevance, and face validity. It was all
voluntary, and nothing was obligatory.

Measurement scales reliability

The alpha of Cronbach was used to assess the internal consistency of the constructs. The reliability of all
scales was satisfactory and over the 0.70 matk. In particular, alpha values were 0.82, 0.79, 0.76, 0.81, and 0.78 in
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the Al literacy, perceived usefulness, perceived risk, willingness to adopt, assessment change intention, and
institutional support, respectively. These findings verify that there is sufficient reliability and justify the
instrument to be used in exploratory analysis.

Quantitative data analysis

Python 3.x and Microsoft Excel were used in all the statistical calculations. The assessment used six major
points to analyze the connections between faculty characteristics, Al literacy, and disposition towards generative
Al adoption.

Statistical analysis

The descriptive statistics were also used to summarize the demographic and perceptual variables and gave insight
into the characteristics of the sample in terms of means, standard deviations, minimum, maximum, quartiles, and
frequency distributions. Pearson correlation coefficients were also computed as a measure of bivariate
relationships between modifications of Al literacy and specific constructs, such as perceived usefulness,
perceived risk, willingness to adopt, assessment change intention, and institutional support. The presence of
differences in Al literacy, perceived usefulness, and willingness to adopt by faculty affiliations was investigated
using single-way ANOVA, and initial patterns were found between groups. To assess the impact of the variables
Al literacy, perceived risk, and institutional support on intentions to use generative Al, multiple linear regression
analysis was performed, and the effects were interpreted using regression coefficients, standard errors, t-values,
and p-values. The chi-square test of independence was used to evaluate the relationship between gender and the
desire to utilize the generative Al tools. Since the pilot study was mainly exploratory and the sample size was
relatively small, the analysis was centered on descriptive and bivariate patterns, which indicated rather than
concluded.

Sample characteristics

The collection of the data took place in the first semester of the 2023 academic year (May-July). The end
analytical sample was 30 faculty members in 20 different faculties. The highest representation was from the
Faculty of Education (n = 3), followed by the Engineering, Social Sciences, and Computer Science. The majority
of the participants were tenured (73.3%, n = 22) with more than 10 years of teaching experience (76.7, n = 23).
The gender ratios were equal (female: 50, n =15, male: 46.7, n =14, other: 3.3), and 45-54 years old had the
greatest number (n = 11). Table 1 shows a demographic profile in detail.

Table 1
Distribution of survey respondents across faculties

Faculty Participants (n)

Education

Engineering

Social Sciences
Computer Science
Economics

Law

Medicine

Business Administration
Humanities
International Relations
Environmental Sciences
Information Technologies
Public Administration
Tourism and Hospitality
Arts and Culture
Mathematics and Statistics
Architecture and Design
Sports Sciences
Agticulture

Foreign Languages
Total

e e e e e e T T =N O O (O R O TN O I SR (O OIS

(SN
(=)

Note: Faculties reflect typical divisions in major Azerbaijani universities (e.g., Bakn State University, ADA University,
Agzerbagjan State Pedagogical University).
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Flow diagram illustrating the one-phase quantitative pilot study design, including participant recruitment, online
survey data collection (30 valid responses), and statistical analysis procedures (Figure 2).

Figure 2
(Qmﬂﬂtaﬁviéj/oz‘ study design and data analysis workflow
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Ethical considerations

The Nakhchivan State University Institutional Review Board (NSU-IRB-341) approved the study, and it was
performed in compliance with the Declaration of Helsinki. Informed permission was provided online through a
single-step procedure: the informed consent participants were presented with a consent page in which the
purpose of the study, voluntary participation, confidentiality, right to withdraw, and minimal risks and benefits
were described. Movement on to the questionnaire meant consent.

RESULTS

This study employed a pilot dataset to examine educators’ perceptions and practices related to generative AL
The data consisted of descriptive statistics, the distribution of demographics, patterns of correlation, inferential
statistics, and multivariate models. Since the study is exploratory, the findings are provisional and meant to give
birth to assumptions to be studied. The results are systematized by the research objectives, as they are
synthesized in Table 2.

Participant characteristics

The sample used in the study consisted of 30 educators working in various faculties, with the most
represented being the field of Education (Figure 3). The majority of the respondents were tenured (n = 22) and
had more than 10 years of experience in higher education. There was gender representation of both male and
female, with a few belongings to other. The greatest number was 45-54 years (Figure 8).

The descriptive analysis demonstrated that a bit more than half of the respondents was already familiar with
the Al tools. The scores of Al literacy were between 1.7 and 4.9, with a mean of 3.42, which reflected moderate
familiarity. Generative Al was rated between 1.6 and 4.9 (mean = 3.36) with a possible indication of moderate
pedagogical usefulness. The perceived risk scores were between 1.3 and 3.7 (mean = 2.23), indicating a low-to-
moderate perception of risk. The willingness to use Al tools was between 1.5 and 5, with the mean of 3.21
depicting moderate willingness. The willingness to change assessment practices had a higher mean (3.63), which
indicates the readiness to include Al in evaluation strategies. The variation in the institutional support seemed the
most (range=1-5, mean =3.04), which highlights the inconsistency of the perceived organizational readiness.

Demographic Distribution in Faculties

Table 3 includes a more specific demographic breakdown of the faculty in terms of tenure, employment, and
gender, as well as age. The sample consisted of teachers with Agriculture, Arts, Business, Computer Science,
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Education, Engineering, Economics, Humanities, Law, Medicine, International Relations, and other subjects
(Figure 3) to cover both STEM and non-STEM disciplines.

The distribution of tenure was moderate, with the tenured faculty distribution even across Arts, Mathematics,
Engineering, and Social Sciences. Representation was also higher in Business, Education, Foreign Languages,
Environmental Sciences, Medicine, and Public Administration under non-tenured representation. Gender
imbalances were noted: humanities, education, and law were mostly taught by female educators, and Sports and
Engineering by male educators. Age distributions were similar to those in the faculty, with the 45-54 age group
being the most common, younger participants (<35) being more common in the fields of Computer Science,
Foreign Languages, Mathematics, and Sports, whereas those older (255) majoring more in Medicine and Public
Administration. This heterogeneity of the population promotes the generalizability of Al-related attitudes in
academic areas and career levels.

Patterns of correlation between Al Variables

There were a number of significant associations identified in the correlation analysis (Table 4). Perceived
usefulness (r = 0.759) and willingness to adopt Al tools (r = 0.788) had a high correlation with Al literacy, which
means that more Al-literate educators were willing to implement Al (Figure 5). Willingness to adopt also had a
strong correlation with perceived usefulness (r = 0.797).

Perceived risk had moderate negative relationships with Al literacy (r = -0.400), perceived usefulness (r = -
0.591), and willingness to adopt (r = -0.509), indicating that risk perceptions had negative correlations with
familiarity, perceived utility, and willingness to adopt. The intentions to change assessment practices had weak
positive relationships with Al literacy (r = 0.220), perceived usefulness (r = 0.387), and willingness to adopt (r =
0.360). Institutional support was found to have small positive correlations with literacy (r = 0.293), usefulness (r
= 0.240), and willingness (r = 0.139). None of the correlations were above multicollinearity levels, and it was
possible to proceed to regression and multivariate analyses.

Predispositions to Al between faculty and wise

The one-way ANOVA was performed to evaluate the difference in Al perceptions between the different
faculties in terms of Al literacy, perceived usefulness, and willingness to adopt (Table 5, Figure 6). No statistically
significant difference was found Al literacy (F = 0.810, p = 0.668), perceived usefulness (F = 0.828, p = 0.654),
and willingness to adopt (F = 0.515, p = 0.898). These results indicate that the views toward generative Al are
generally similar regardless of the field of study, whether STEM, social sciences, or humanities. Considering that
the small sample sizes were used per faculty, these trends ought to be confirmed in larger research.

Antecedents of willingness to adopt generative Al

The predictors of the willingness to use Al tools were studied using linear regression analysis (Table 6,
Figure 7). The most positive predictor was Al literacy (3 = 0.734, t = 5.770), which meant that more literate
educators were more willing to use Al. Perceived risk was significantly weakly negative (3= 0.325, t = -1.943),
implying that fear of Al decreased willingness. Minimal predictive value was exhibited by institutional support
(B=-0.096, t = -0.961). The regression constant (1.710) showed mediocre baseline willingness in the absence of
the effects of predictors. These results suggest that personal abilities are more important than institutional
aspects that determine the willingness to adopt AL

Sex and Readiness to Adopt Al

Chi-square test contrasted the gender and the propensity to use generative Al (Table 7, Figure 4). The test
gave x*= 31.821, p =.668, which is not significant. There was an equal distribution of male and female educators
in the level of adoption, and the other category followed the same trend. These findings indicate that the gender
factor is not a major factor in the attitudes to Al adoption in this sample.

This pilot research can give an initial understanding of the attitude and preparedness of teachers to generative
Al in the tertiaty education sector. The participants had moderate Al literacy, perceived usefulness, and
willingness to adopt Al, and low-to-moderate perceived risk. Correlation and regression results suggest that
individual literacy and risk perception are the primary determinants of adoption preparedness, but the
institutional support does not affect this. Faculty-based analyses indicate uniformity in attitude between
disciplines, and gender does not seem to affect adoption patterns. Such preliminary results can be used as a
backbone to conduct more comprehensive research in the future to confirm and elaborate on the trends.
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Table 2

Summary of descriptive statistics for educator responses

Vatiable N Categories  Most Frequent  Frequency ~ Mean SD  Min 25th% Median  75th % Max
Faculty 30 20 Education 3 - - - - - - -
Tenure 30 2 Tenured 22 - - - - - - -
Years Employed 30 4 >10 21 - - - - - - -
Gender 30 3 Female 15 — - - - - — -
Age Group 30 4 45-54 11 - - - - - - -
Prior Al Use 30 — - - 0.533  0.507 0 0 1 1 1
Al Literacy 30 — - - 3423 0931 1.7 2725 3.25 4.35 4.9
Perceived Usefulness 30 — - - 3363 0.848 1.6 29 34 3.875 4.9
Perceived Risk 30 — - - 2227 0.685 13 1.6 2.25 2.7 3.7
Willingness to Adopt 30 — - - 3207 0942 15 25 3.2 3.95 5
Assessment - Change 5 - - 3.630 0802 21 3125 355 42 5
Intention
Institutional Support 30 — — — 3.040 1100 1 2.125 2.9 3.85 5
Table 3
Demaographics of participants by faculty, tenure, employment, gender, and age gronp

Faculty Tenure Years Employed Gender Age Group Count
Agticulture Tenured 5-10 Male 35-44 1
Architecture Non-tenured >10 Other <35 1
Arts Tenured >10 Male 35-44 1
Business Non-tenured >10 Female 45-54 1
Business Tenured 5-10 Male 3544 1
Computer Science Tenured 5-10 Female <35 1
Computer Science Tenured >10 Male 35-44 1
Economics Tenured >10 Female <35 1
Economics Tenured >10 Male 45-54 1
Education Non-tenured >10 Male 45-54 1
Education Tenured <1 Male 3544 1
Education Tenured >10 Female 45-54 1
Engineering Tenured 1-4 Male 45-54 1
Engineering Tenured >10 Male 35-44 1
Environmental Sciences Non-tenured >10 Female 45-54 1
Foreign Languages Non-tenured >10 Male <35 1
Humanities Tenured <1 Female 45-54 1
Humanities Tenured >10 Female 3544 1
Information Technologies Tenured >10 Female 45-54 1
International Relations Tenured >10 Female 35-44 1
Law Tenured 14 Female 45-54 1
Law Tenured >10 Female 45-54 1
Mathematics Tenured 5-10 Female <35 1
Medicine Non-tenured >10 Male =55 1
Medicine Tenured >10 Female 45-54 1
Public Administration Non-tenured >10 Female =55 1
Social Sciences Non-tenured >10 Female 35-44 1
Social Sciences Tenured >10 Male 35-44 1
Sports Tenured >10 Male <35 1
Tourism Tenured 1-4 Male 35-44 1
Table 4
Correlation matrix of Al-related variables
Variable Al Literacy LI]) :Cr(f:sllzzi Perceived Risk Wﬂlxlégg;:s to Cﬁ:;ejcsrﬁii;t Institutional Support
Al Literacy 1 0.759 -0.400 0.788 0.220 0.293
Perceived Usefulness  0.759 1 -0.591 0.797 0.387 0.246
Perceived Risk -0.400 -0.591 1 -0.509 -0.323 -0.162
Willingness to Adopt ~ 0.788 0.797 -0.509 1 0.360 0.139
Assessment - Change, 55, 0.387 -0.323 0.360 1 -0.074
Intent
Institutional Support  0.293 0.246 -0.162 0.139 -0.074 1
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Table 5
ANOVA results: Differences across faculties
Variable F-value p-value

Al Literacy 0.810 0.668
Perceived Usefulness 0.828 0.654
Willingness to Adopt 0.515 0.898
Table 6
Linear regression predicting willingness to adopt Al

Predictor Coefficient (B) Std. Etror t-value p-value
Constant 1.710 0.706 2.422 -
Al Literacy 0.734 0.127 5.770 -
Perceived Risk -0.325 0.167 -1.943 -
Institutional Support -0.096 0.100 -0.961 -
Table 7

Chi-Square analysis: Gender and willingness to adopt AI

Gender 15 19 2 22 23 25 26 28 3 31 33 34 35 38 4
Female 0 0 21 0 1 0 1 0 1 1 2 0 2
Male 1 2 00 1 1 1 0 3 0 0 0 3 1
Other 0 0 00 0 0 0 0 0 0 0 0 0 1

44 45 49 5 ¢ p
T 1 1 1 31821 0668
0 0 0 031821 0668
0 0 0 03181 0668

(=Rl )

Figure 3
Number of participants in academic faculty

Faculty Distribution of Participants
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Faculty

A bar chart shows the frequency distribution of the N=30. Education had the highest ratio, which guarantees a
wide sample comprising STEM and non-STEM subjects (Figure 3).

Figure 4
Distribution of willingness to adopt Al by gender

Gender Distribution

Other

Female

Stacked bar chart displaying the distribution of the different Willingness to Adopt scores of the three gender
categories (Female, Male, Other). The Chi-square test showed that there was no exploratory trend difference
between gender and the desire to adopt generative Al (chi 2 = 31.821, p = 0.668) (Figure 4).
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Figure 5
Pearson correlation coefficients among the key Al perception and readiness variables

Correlation Matrix of Key Variables
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Heatmap showing the Pearson correlation coefficients (r) among variables of Al. There are positive relationships
between Al Literacy and Perceived Usefulness (e.g., + = 0.759 between Literacy and Usefulness) as well as
between Willingness to Adopt and Al Literacy (e.g., r = 0.797 between Usefulness and Adoption). Perceived
Risk has moderate negative correlations with all positive factors of adoption (Figure 5).

Figure 6
Distribution of perceived usefulness of generative Al across djfferent faculties

Perceived Usefulness by Faculty
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Box plot of the distribution of perceived usefulness scores of generative Al across the different faculties
(different faculties represented in the study) represented by the scores. The analysis (ANOVA) revealed that
there was no exploratory trend difference in perceived usefulness between different faculties (F = 0.828, p =
0.654), and thus the attitudes of academic disciplines were homogenous (Figure 6).

Figure 7
Relationship between Al literacy and edncators' willingness to adopt generative Al tools

Al Literacy vs Willingness to Adopt
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Scatterplot of the relationship between educators ' self-reported Al Literacy scotes and their Willingness to adopt
generative Al tools in instructional practice. The straight line is a linear regression fit, and the shaded area is the
95 percent interval. The regression analysis, along with a strong positive correlation (r = 0.788), demonstrates
that Al literacy is the best preliminary association of readiness to adopt (Figure 7).
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Figure 8
Distribution of participants by gender

Gender vs Willingness to Adopt Al
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Pie chart that shows the ratio of the genders of the N=30 respondents. There were also a similar representation
of Female and Male teachers (50.0 percent and 46.7 percent, respectively) and a minor group of Other (3.3
percent) (Figure 8).

DISCUSSION

The results of this pilot study can be used to provide some initial information on the perceptions of faculty in
Azerbaijan's higher education toward and their plans to use Al tools, specifically, Al literacy, perceived
usefulness, perceived risk, institutional support, and intention to adopt. Table 2 showed that the sample was
diverse in terms of discipline and demographics, which is why a broader picture of the adoption of Al was
obtained (Taylor, 2022). The overall means of Al literacy and perceived usefulness indicate that teachers are
aware of the possible advantages of Al, but they are not yet well-confident and knowledgeable (Ali et al., 2025).
The level of perceived risk was not high, which shows that the educators did not see Al as a significant threat to
pedagogy and student achievement. The desire to adopt was also in the medium-to-high range; however, the role
of personal motivation and previous exposure is characterized by significant individual variation (Sat, 2025). The
ratings of institutional assistance were relatively lower, which implies that the system of structural frameworks is
not fully developed or clearly understood (Najafov, 2025).

As per the Technology Acceptance Model (TAM), which suggests that perceived usefulness is one of the key
antecedents of behavioural intention, correlation analysis (Table 3) confirmed the presence of strong
relationships between Al literacy and perceived usefulness. Teachers who were more Al literate identified the
benefits of Al tools more easily in the real world (Yao & Wang, 2024). Fairly weak negative correlation between
perceived risk and willingness to adopt indicates that the issues related to reliability, ethics, and equity may
undermine the adoption even among motivated faculty (Wu et al., 2022). The positive relationships with literacy
and usefulness were also modest in the case of institutional support, suggesting that a supportive environment
fosters the development of confidence and does not yet necessarily reflect in adoption behaviour (Ullah et al.,
2021). Institutional conditions, clear policies, training, and infrastructure, in the UTAUT perspective, are
facilitating factors that, in the right development, can significantly influence the faculty behaviour.

The results of ANOVA demonstrated no data difference between disciplines, indicating that disciplinary
background does not play a significant role in Al preparedness (Ma & Lei, 2024). This is contrary to the previous
studies that showed more technology preparedness in STEM. A lack of disciplinary gaps could demonstrate the
standardised exposure to digital tools or a regular practice of professional development throughout the
institution (Kotsis, 2025).

The regression analysis (Table 5) established that individual Al competence was the most significant
indicator of willingness to adopt, and the importance of personal capability in the adoption process at an initial
stage was confirmed (Du, 2025). Perceived risk had a minor negative impact, which is in line with the literature
of caution in relation to ethical and reliability issues (Adikoeswanto et al., 2022). It is worth noting that the
institutional support was not found to be a major predictor. This might indicate the initial phase of Al policy
implementation in Azerbaijani institutions, dependence of the faculty on individual self-efficacy rather than on
institutional support, or constraints on the way the construct was assessed (Bahadir et al., 2024; Anthony et al.,
2023).

Chi-square (Table 6) showed no gender difference in their willingness to adopt, which is consistent with
recent studies that discovered that the availability of equal access to digital tools in the academic setting
decreased the gender-based difference in technology adoption (Neway & Zegeye, 2022; Aruleba et al., 2022).
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Together, these results support the idea that cognitive aspects, namely, knowledge and perceived usefulness, are
the main factors of Al readiness, not demographic or disciplinary factors (Abulail et al., 2025). This focus on
individual cognition and behavioral intention is supported both by TAM and UTAUT.

Limitations

There are a number of constraints that should be mentioned. In small studies, generalisation and statistical
power are limited by the small sample size (n = 30), as is customary in pilot studies (Johanson and Brooks, 2010).
Convenience sampling could have oversampled Al-interested faculty, leading to selection bias. Self-reporting
measures have the risk of a social desirability effect that distorts real attitudes (Carian, E. K., & Hill, J. D. (2021).
This cross-sectional design only provides a capture of the perceptions at one point, which is especially restrictive
due to the speed at which Al tools and policies are changing (Shishakly, 2025). Also, the multiple linear
regression model working on this sample size with three predictors increases the issue of overfitting; the results
can be taken as exploratory relationships and not as predictive estimates, until additional, larger sample
replication can be done.

Implications for practice

The practical implications of these findings are obvious. The development of Al literacy should be the most
significant area of faculty development programs because it is the strongest predictor of adoption. The perceived
usefulness and preparedness could be reinforced by emphasizing tangible pedagogical advantages of Al
Structural support, articulate policies, and these should be actively discussed in institutions as features that will
become more important as adoption becomes more widespread. Strategic communication of risk perception can
help to develop trust and decrease the uncertainty regarding Al-based teaching.

CONCLUSION

This pilot study examines the concepts of Al literacy, perceived usefulness, and readiness to apply Al-aided
assessment among university educators in Azerbaijan, showing moderate scores in all three areas and a rather low
perceived risk. The findings reveal positive relationships between Al literacy, perceived usefulness, and adoption
willingness, with higher levels of Al familiarity prompting higher levels of adoption willingness; however,
perceived risk was negatively correlated. Regression analysis provided initial evidence of patterns of adoption
behavior; however, no significant differences among the faculty were observed. An improved variable was
institutional support. This study, as a pilot, provides the background on new large-scale research work to confirm
the emerging trends and implement responsible Al integration into higher education.
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